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Digital technologies and their rapid evolution have greatly impacted the financial sector, thus making
digital transformation increasingly more important strategically paired with analytical capacities to
foster FinTech based financial innovation. This study explores the associations between digital
transformation capability, data analytics capability and FinTech adoption in financial institutions. In
particular, the study investigates the impacts of digital transformation capability on data analytics
capability, data analytics capability on FinTech adoption and examines the mediating role or effect
of Data Analytics Capability in the influence between Digital Transformation Capability in relation
to FinTech Adoption. It was a quantitative study with a cross-section survey design. A structured
questionnaire was completed by employees and managers working in financial institutions and
FinTech-related sectors. The study used Partial Least Squares Structural Equation Modeling (PLS-
SEM) to analyze the proposed research model through Smart-PLS-4 software. The results show that
digital transformation capability significantly and positively affects data analytics capability, and in
turn, data analytics capability is a significant positive driver of FinTech Adoption. Additionally, the
findings indicated that data analytics capability mediated the association between digital
transformation capability and FinTech adoption. This study expands the literature on digital
transformation and financial innovation by combining organizational digital capabilities with
different perspectives of FinTech adoption in a single conceptual framework. The results also have
some valuable implications for practitioners to facilitate greater digital competitiveness, harness
better analytical approaches and make FinTech implementation strategies more effective.
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1. Introduction

Rapid advancement in digital technologies has changed the global financial sector completely and made organizations rethink
their business models, organizational structures, and ways to interact with consumers. Over the last few years, digital
transformation is taking place at financial institutions by adopting modern technologies across artificial intelligence, and
cloud computing to blockchain, mobile banking, and big data (Ho et al., 2025) analytics to address operational efficiency and
customer experience (Qahman et al., 2026). In recent years, however, this technological transformation has moved at an even
faster pace thanks to the waves of disruption caused by FinTech ecosystems that have disrupted traditional financial services
and brought with them completely new digital financial solutions that may alter or overturn traditional competitive dynamics
in the banking industry (Gaviyau et al., 2025). As a result, Digital Transformation Capability (DTC) has emerged as a strategic
requirement for organizations to remain competitive and sustainable in an increasingly digitized financial environment
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(Verhoef et al., 2021). While there are credible amounts of innovation potential and operational improvement enabled by
these digital transformation efforts, the success of such investments in digital technologies is primarily a function of
organizational capabilities rather than merely investment into technology. Many organizations still struggle with producing
meaningful digital transformation results after investing considerable resources in technological infrastructure and systems.
The reasons for this model are based on recent studies that emphasized the role of integrating technological resources,
managerial competencies, organizational agility and analytical infrastructures into coherent strategic processes for digital
transformation success (Ellstrom et al., 2022). In the financial space, these challenges are magnified because the very nature
of financial institutions puts them in extremely dynamic environments with challenges of rapid tech disruption, rising
customer expectations and increasing cyber vulnerabilities.

At the same time, an increasing volume of online financial transactions and customer-generated data has fueled a greater
strategic importance of DAC. To offer better customer insights, improve fraud detection and risk management, and aid
strategic decision-making; financial institutions have been investing in more sophisticated analytical systems to manage the
enormous amount of structured and unstructured data being generated, often in real-time. With the rise of Big data analytics,
Artificial Intelligence (AI) and Cognitive predictive analytical systems, digital financial innovation and operational efficiency
have become essential tools (Shamim et al., 2020). Nevertheless, the literature emphasizes that many organizations are not
able to appropriately capitalize on digital transformation opportunities as they lack an adequate analytical competence to
convert digital data into actionable strategic intelligence (Mikalef et al., 2021). Consequently, data analytics capability is
increasingly recognized as an essential purpose for managing organizations from which digital transformation programs
create innovation and competitive advantage. In addition, the rise of FinTech technologies has only deepened the demand for
more sophisticated digital and analytics capabilities in financial institutions. Fintech adoption (Fintech) consists of the use of
new digital financial services including mobile payments, blockchain applications, digital banking, peer-to-peer lending and
Al-based financial platforms (Knewtson & Rosenbaum, 2020). These technologies, on the other hand, have fundamentally
changed the production, distribution and consumption of financial services. It is known that previous studies found that
FinTech adoption enhances financial inclusion, service quality and operational efficiency of services offered to the customer
(Firmansyah et al., 2021). However, despite the fast evolution of the FinTech ecosystems, a number of financial institutions
still encounter significant stumbling blocks in regard to successful adoption when it comes to complexity of technology,
organization politics and structure challenges as well as non-preparedness and cybersecurity problems.

A core problem emphasized in the current digital finance literature relates to the large discrepancies in many organizations,
between their actual accomplishments from successful FinTech adoption and how well they have been able to translate
initiatives for digital transformation. Despite the billions that many organizations have poured into digital technologies,
effectiveness differs widely across institutions and markets. Other researchers state that this variation may be driven by
discrepancies in Data Analytics Capability, which designates the capacity of the organization to structure digital information
for intelligent decision taking and advanced financial innovation support (Ciampi et al., 2021). Relatedly, in this context Data
Analytics Capability might act as a mediating mechanism which helps the organizations to capitalize the Digital
infrastructures and technological investments into successful FinTech adoption. Moreover, one of the biggest challenges that
have come about with digital transformation and FinTech adoption is cybersecurity and data protection. And the financial
services companies that are connected to these systems and customers are more vulnerable than ever to cybercrime, privacy
violations, and financial fraud. Previous research has indicated that cybersecurity and data privacy concerns (Wang et al.,
2024) reduce customer trust and technology adoption behavior (Zhang et al., 2023). As a result, firms must not only build
capabilities both digital and analytics but also support secure tech environments that reinforce trust and minimize perceptions
of technology risk.

Although academic research on areas such as digital transformation, data analytics and FinTech adoption is growing at a
rapid rate, there are still many gaps in knowledge. First, previous studies tended to separately look at the relationship between
digital transformation capability and fintech adoption, with little attention to the mediating role of data analytics capability
(Siddquee, 2025). Second, most of the existing empirical literature has been centered on developed economies; in contrast
emerging markets have been largely neglected despite seeing a quick transformation of their digital financial landscape.
Third, previous research has largely focused on factors influencing technology adoption and adopted a more modest role for
the organizational capabilities underlying digital innovation success. Thus, there is an increasing requirement for holistic
research frameworks that would account for the relationship between digital transformation capability and FinTech adoption
mediated by organizational analytical capabilities. While considering these arguments, this study focuses on the relationship
between digital transformation and data analytics capabilities with FinTech adoption. In particular, this study aims to
investigate the mediating effect of data analytics capability on how digital transformation initiatives drive the successful
adoption of FinTech within financial institutions. The research integrates practicable digital strategic alignment with dynamic
capability theory, and also combines streams of digital analytics with financial technology (FinTech) adoption. They also
provide valuable lessons for financial institutions aiming to strengthen their competitive position in the digital economy and
improve the success of their FinTech transformation initiatives.
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2. Literature review
2.1 Digital Transformation Capability

DTC has become one of the most important organizational capabilities in digital economies today, especially in financial and
technology-heavy sectors. The notion goes beyond the mere uptake of digital technologies and embodies an ability to align
digital infrastructure, technological resources, managerial capabilities and strategic flexibility for re-engineering business
processes so as to build sustainable competitive advantages. Verhoef et al. (2021) indicate that the digital transformation is a
multidimensional organization phenomenon including changes in business models, organizational structures, mechanism of
interaction with customers and value-creation processes. Their research claimed that digital transformation should be treated
like a strategic capability, instead of IT process as what companies need to harness the full power of digital are organizational
adaptability and internal-external strategic alignment.

Contemporary literature connects Digital Transformation Capability more to the Dynamic Capability Theory, which
describes how organizations sense technological opportunities and digital innovations, seize those available innovations, and
transform their internal and external resource configurations while responding to environmental uncertainty. Ellstrom et al.
(2022) who argued strong dynamic capabilities enable effective digital transformation because firms are sufficiently agile to
keep pace with the fast-moving, unpredictable environment driven by technology change. Due to the overwhelming impact
digital disruptions impose on banks and financial institutions, De Paula Pereira et al. (2024) highlighted the role that dynamic
digital capabilities play in mitigating negative consequences, while also keeping up with competition in technology-
dominated areas of the market. Strategic Agility and managerial responsiveness for technological innovation. These studies
contain useful implications in that overall companies rely on learning, strategic agility, and responsiveness management in
order to achieve a successful digital transformation rather than just investing simply on technology.

Emergence of digital transformation capability has recently mobilized literature increasingly within the scaffolding of
Dynamic Capability Theory, which describes how firms sense technological opportunities, seize digital innovations and
reconfigure internal resources to address environmental uncertainty. According to Ellstrom et al. (2022), Organizations with
strong dynamic capabilities are more likely to achieve positive outcomes from digital transformation initiatives due to their
flexibility and adaptability in rapidly changing technological contexts. Similarly, banking institutions rely on dynamic digital
capabilities to absorb the challenges that implications of digital disruption bring and to stay competitive in technology-
dependent financial markets (de Paula Pereira et al., 2024). Collectively, these studies suggest that digital transformation
depends as much on organizational learning, strategic agility, and managerial responsiveness as it does on technology
investment. While the benefits of Digital Transformation Capability are widely acknowledged, several articles show that
digital transformation affects organizations and environments differently. Valdez-Judrez et al. (2024) suggested that the
connection between digital transformation and innovation performance is contingent on technological readiness, digital
culture, and leadership support of the organization. On the other side, there are organizations that have been unable to reap
large digital transformation results due to their focusing too much on technology procurement and not enough on organization
redesigns or workforce readiness. This critique raises an essential limitation of prior research on digital transformation, which
often treated technological adoption as the same as transformational capability. Recent discussions in the field call into
question this oversimplified assumption and instead argue that digital transformation needs a combination of technological,
managerial, and human assets to succeed. Previous studies have explored the role of digital transformation capability in
enhancing organizational agility and data-driven decision-making. Matarazzo et al. (2021) concluded that digital
transformation is a process in which organizations create new processes or modify existing ones to integrate digital
technologies into their strategic tasks, achieve greater customer engagement, increased operational flexibility, and a
competitive advantage in the market. Similarly, several recent studies have indicated that digital transformation capability
enables companies to fully leverage big data analytics, artificial intelligence, and cloud computing systems, thereby fostering
innovation and strategic adaptation at the enterprise level. This view is particularly relevant to the fintech environment,
characterized by rapid technological change that drives organizations to develop a digital infrastructure that is adaptable,
experimental, and learning-oriented, while also enhancing their analytical competitiveness.

2.2 Data Analytics Capability

In the digital economy, organizational dependence on data-driven insights to enhance decision-making, innovate and foster
competitive capability has made the Data Analytics Capability (DAC) a strategic resource. The idea pertains to the
organization capacity of pooling, processing, analysing and interpreting vast amounts of structured and unstructured data
sourced, sifted through and manipulated by sophisticated analytical tools supported by technological infrastructures in tandem
with managerial acumen (Al-Jarrah et al., 2024). Modern data analytics capability differs from traditional information
processing systems by providing a higher-order output that is generated through the interaction of technological resources,
analytical skills, organizational learning and data-driven culture to produce strategic knowledge. Thus, DAC is quite
acknowledged for its important role as a fundamental enabler of both digital transformation and innovation performance.



1590

Data Analytics Capability as a strategic resource is mainly explained with two theoretical foundations: The Resource-Based
View (RBV) and Dynamic Capability Theory. This perspective maintains that organizations that effectively mobilize
analytical resources and data infrastructures are able to generate distinctive capabilities, thereby establishing a sustainable
competitive advantage. DAC is a composite of interrelated dimensions such as technology capability, managerial capability,
and human analytical skills (Mikalef et al., 2021). They concluded that organizations are better positioned to convert
unrefined data into insight and thereby lead more successful innovation outcomes and operational performance when they
developed greater analytical competencies. Similarly, data analytics capability is crucial in managing knowledge
management processes and innovation activities within an organization as indicated by Ferraris et al. (2020). The results of
their study indicated that organizations leveraging advanced analytical systems can improve strategic responsiveness, market
intelligence, understanding of customers etc. Here, data analytics capability not only serves as a technological resource but
more importantly as an organizational learning mechanism that facilitates evidence-based decision making and fosters
continuous innovation.

Research also exemplifies the predominant role of Data Analytics Capability serving digital transformation activities.
Through a systematic literature review, Hassani and Marentes (2024) claimed that DAC has one of the most strategic
technological capabilities to achieve successful digital transformation. The review found that organizations with sufficient
analytical infrastructure can draw from digital techniques to embed technologies into their strategic processes and boost
flexibility in the organization. Similarly, Ciampi et al. (2021) also examined the indirect effects of BDAC on innovation
performance, indicating that BDAC positively influences innovation performance because firms can identify market trends,
customer needs, and operational inefficiencies through discovery from data. Data Analytics Capability is in high demand
across Banking and FinTech sectors due to the rise of digital financial transactions, artificial intelligence and predictive
analytics across different verticals. Research shows that financial institutions have invested in analytical capabilities to better
detect fraudulent claims, as well as to enhance risk assessment, customer segmentation credit scoring and personalized
financial services. Aziz et al. (2023) indicated that analytics capability for organizational performance in banking institutions
improves operational efficiency and strategic decision quality. Likewise, Song et al. (2025) suggested that strong analytical
capabilities enable organizations to identify and act on entrepreneurship opportunities, leading to better outcomes regarding
digital innovation. While the benefits of Data Analytics Capability are well-established in literature, there are multiple
implementation challenges and critical debates indicated as well. A common concern involves the assumption that technology
investments are sufficient to develop analytical capabilities. Some academics claim that a lot of organizations have an
extensive amount of data and the capacity to periodically analyze it with their new tools, but are unable to extract business
value because either management is backing off, data governance issues, or lack of analytical experts. Karaboga et al. (2023)
also explored the mediating role of data-driven culture and managerial commitment between analytical capability and
organizational performance. The implication of this finding is that without technological infrastructure alone, organizations
should also develop supportive managerial and cultural environments.

Another significant aspect relates to the combination of Data Analytics Capability with other digital organizational
capabilities. Recent studies show growing strong evidence that analytics capability should not be analyzed separately as its
success is significantly contingent upon complementary capabilities, such as organizational agility, digital transformation
capability as well as cybersecurity readiness. Orero-Blat et al. (2025) show that data analytics capability not only strengthens
the link between digital transformation and innovation, but also reinforces the positive relationship between digital
transformation and organizational performance. Likewise, a number of studies highlight that the analytics capability leverages
digital transformation initiatives more successfully by transforming digital data into strategic knowledge and actionable
intelligence. The literature has also noted an increase in the complementarities between Data Analytics Capability and
FinTech adoption. Banking institutions are increasingly utilizing analytics to improve customer experience, streamline
financial services automations for digital trust and limit operational risk. AI and ML based analytical systems help
organizations predict customer behavior, detect fraudulent transactions, and personalize the financial services in real-time
(Chen et al., 2022). Consequently, Data Analytics Capability is always depicted as an intermediary variable in the flow from
Digital Transformation Capability to FinTech adoption and digital innovation effects.

2.3 FinTech Adoption

FinTech Adoption has now received a significant amount of attention in the field of digital finance and information system
research because of the large-scale proliferation of digital financial technologies and transformation, even disintermediation,
of traditional banking service. FinTech is the new wave of digital technologies applied to financial services, such as mobile
banking, electronic payments, blockchain systems, artificial intelligence-based financial services, peer-to-peer lending and
robo-advisory platforms or even digital investment-systems (Khairi et al., 2024). FinTech Adoption hence refers to the
intention and the actual use of these digital financial technologies by individuals or organizations. Most studies on the
adoption of FinTech are based on theories of acceptance of technologies, such as Technology Acceptance Model (TAM),
Unified Theory Of Acceptance And Use Of Technology (UTAUT) or diffusion of innovation theory (DOI). These factors
prove that perceived usefulness, perceived ease of use, performance expectancy, facilitating conditions and social influence
are influential in technology adoption behavior. Perceived usefulness and trust were shown to have a statistically significant
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impact on the intention of customers to use FinTech (Akinwale & Kyari, 2020). In a similar study, Al Nawayseh (2020)
showed that perceived security, trust and ease of use were strong drivers of mobile FinTech adoption behavior; especially in
the context of increased digital reliance like those related to COVID-19. FinTech adoption is not totally represented by the
old fashion style recognized technology acceptance variables. Conversely, recent studies focus on the role of trust, cyber
security, privacy protection, digital literacy and innovation capability in determining FinTech adoption behavior. Zhang and
Thurasamy (2024) demonstrated that perceived security as a condition drives customer trust in digital finance platforms, thus
improving the intention to adopt. Likewise, Papanikolaou (2025) claimed that trust, privacy and cybersecurity preparedness
as well as perceived technology readiness turned out to be the main drivers of FinTech adoption in contemporary digital
economies.

FinTech adoption Is related to organizational innovation, operational efficiency and customer-centric service delivery. Due
to the need for increasing transactional speed, decreasing operational investments and engaging with customers meaningfully
and making personalized financial services accessible through inclusion efforts, the implementation of FinTech solutions are
now becoming particularly popular among financial institutions. As stated by Senyo and Osabutey (2020), FinTech
innovations have a substantial impact on the level of access to financial services in markets with low rates of inclusion.
Similarly, Firmansyah et al. (2021) conducted a systematic literature review and concluded that FinTech adoption positively
influences accessibility to finance, digitalization, and the competitiveness of firms.

Although the advantages of FinTech adoption continue to increase, various barriers and criticisms are identified in the
literature regarding the widespread implementation of digital financial technologies. Cybersecurity threats and data privacy
matters are one of the priorities. Zhang et al. (2013) suggest that consumers are likely to avoid FinTech adoption when they
perceive uncertainty, privacy vulnerability and/or cyber threats associated with FinTech service use. As noted by Ryu and
Ko (2020), perceived risk can negatively influence FinTech adoption intention, as customers are still worried about some
sort of financial fraud or identity theft or data breach. Cybersecurity issues, likewise, remain as one of the greatest hurdles
for digital financial transformation.

An additional lever for debate refers to the unequal acquisition of FinTech across demographic and organizational contexts.
Previous literature has indicated that adoption behavior is greatly influenced by age, digital literacy, education level,
technological readiness, and the regulatory environment. Yahaya et al. (2023) state that the determinants of FinTech adoption
are highly context-dependent, particularly so in emerging economies. This implies that if we focus solely on the use of
technology acceptance models, then the adoption of FinTech can be limited, since contextual and environmental aspects are
key factors affecting changes. In addition, recent studies pay much attention to the digital capabilities of organizations in
relation to FinTech adoption. Most studies indicate that organizations with the strongest digital transformation capabilities
and advanced data analytics infrastructure are the ones that will successfully adopt fintech solutions. Digitizing an
organization will make it more agile and technologically mature for implementing the transformation, while data analytics
capabilities will enable it to offer customized services, predictive financial analysis, intelligent decision-making, and more.
Consequently, fintech adoption is often viewed as a component of broader organizational transformations toward
digitalization (Rebekah & Afjal, 2025).

3. Hypothesis Development
3.1 Digital Transformation Capability and Data Analytics Capability

Digital transformation capability (DTC) is gradually established as an organizational capability that facilitates the integration
of digital technologies into a firm by reconfiguring operational processes and enabling technological responsiveness. Both
the digital transformation abilities of the organization and their mentioned investments in state-of-art digitization
infrastructure (such as cloud computing systems, artificial intelligence applications or strategically used digital platforms for
data management) play a significant role. Therefore, digital transformation provides a techno-organizational environment
that enables Data Analytics Capability (DAC) development. Digital data is produced by an organization's interconnected
systems, digital platforms, customer interactions and automated business processes generated through digital transformation
initiatives according to the literature. Despite a wealth of data, the organizational ability to use it is what really matters.
Mikalef et al. (2021) also suggested that digital transformation improves analytical capabilities of organizations due to better
technological infrastructures, enhanced data accessibility, and managements' support for evidence-based decision-making.
In a similar stride, Hassani and Marentes (2024) highlighted that data analytics capability is one of the main contributors to
digital transformation initiatives because digitally transformed organizations have greater potential for collecting, processing,
and analyzing large-scale organizational data. Furthermore, digital transformation capability promotes the adoption of
advanced analytical technologies including machine learning, predictive analytics, artificial intelligence and cloud-based
analytic systems. Such technologies enhance the ability of organizations to convert raw data into strategic insights. Ciampi
et al. (2021), which found that organizations with higher levels of maturity for digital transformation more effectively develop
data analytics systems to enhance innovation performance and strategic responsiveness. Similarly, recent research suggests
that digital transformation is a catalyst for the use of analytical tools into addressing customer intelligence, operational
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efficiency, fraud detection and strategic decision making. In theory, the Dynamic Capability Theory implies that
organizations with a better capability of digital transformation possess more re-configurate technological resources and are
able to build complementary capabilities such as data analytics capability. That DTC acts as an organizational enabling
mechanism that builds stronger infrastructures for analytics and facilitates a data-driven culture of the organization.
Accordingly, the following hypothesis is proposed:

Hau: Digital Transformation Capability positively affects Data Analytics Capability.
3.2 Data Analytics Capability and FinTech Adoption

Currently, DAC has become an important strategic resource for organizations attempting to take advantage of new
technologies that have enhanced digital innovation and customer-oriented financial services. With this notion, more
organizations started to rely on analytical systems for the purposes of processing huge amounts of financial and behavioral
datasets in FinTech environments to predict customer preferences, detect fraudulent activities, make better choices regarding
investments and other associated financial processes. Consequently, the organizations with greater analytical strength tend
to be better positioned in nurturing and embracing sophisticated FinTech solutions. In existing literature, DAC shows
substantial empowerment in organizational flexibility, operational intelligence, and technological responsiveness that makes
FinTech adoption easier. Ferraris et al. (2020) suggested that data analytics capability allows firms to create insights related
to market opportunities and helps improve digital innovation performance. Similarly, Aziz et al. (2023) supporting intelligent
financial decision-making and customer service optimization, advanced analytical capabilities have a positive effect on
organizational performance in banking sectors.

Specifically, analytical capability can support personalized financial services, Collab interested credit scoring systems, digital
payment optimization and predictive financial analytics. Some studies also show that financial institutions equipped with
advanced analytic systems are much more likely to properly implement and deploy artificial intelligence applications,
blockchain systems, and digital banking platforms. Song et al. (2025) hence indicated that the data analytics capability of
organizations needs to be high in order for them to adapt and access digital innovation through technologies, especially the
adoption of digital financial innovations. In addition, Data Analytics Capability improves consumer trust and service
excellence since it allows organizations to offer cash solutions that are accurate, streamlined, and tailored. Banks and other
FinTech platforms are increasingly relying on analytics, machine learning models and behavioral predictions in real-time so
as to enhance customer experience and operational effectiveness. As a result, organizations with robust analytical skills are
often more prepared to implement Fintech systems and realize strategic opportunities from them. Thus, the following
hypothesis is proposed:

Hz: Data Analytics Capability positively affects FinTech Adoption
3.3 Mediating effect of Digital Transformation Capability

Digital transformation usually augments organizational performance and innovation outcomes by leveraging intermediate
technological or organizational mechanisms like DAC. Based on the literature, digital transformation enables data-driven
cultures and analytical infrastructures that bolster organizational innovation capacity. According to Hassani and Marentes
(2024) digital transformation allows organizations to develop sophisticated analytical capabilities that have positive effects
on innovation and technology adaptability. Similarly, data analytics capability, which allows firms to augment digital
information for strategic decision making, mediates the relationship between digital transformation and organizational
performance (Orero-Blat et al., 2025). DAC acts as a mediator in the financial services ecosystem, as the core of FinTech
rests on data processing, predictive analytics, intelligent automation, and customer behavior analysis. If organizations lack
the analytical capabilities to effectively utilize digital information, digital transformation alone will not lead to FinTech
adoption. Therefore, the higher the level of DAC within organizations, the greater their chances of successfully translating
digital transformation initiatives into FinTech adoption. From a dynamic capability theory perspective, digital transformation
capability supports organizations' ability to restructure their resources and enhance their technological readiness, while DAC
transforms these resources into tangible financial innovations and the deployment of effective digital services. Thus, DAC
can serve as a crucial intermediary between digital transformation capability and FinTech adoption. Accordingly, the
following hypothesis is proposed:

Hs: Data Analytics Capability Mediates the effect of Digital Transformation Capability on FinTech Adoption.
4. Research Method

This study used a quantitative research design to analyze the interrelationships between Digital Transformation Capability,
Data Analytics Capability and FinTech Adoption. Since this proposal examines causal relationships between latent variables
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and analyzes the hypotheses statistically, a quantitative method is appropriate. Due to its empirical nature of learning
organizational capabilities and technology adoption behavior in digitally transforming environments, quantitative approaches
are legitimately widely used research methods in digital transformation and information systems context. A cross-sectional
survey design was undertaken collecting the data from respondents at one point in time. The cross-sectional design was
deemed appropriate because it provides a dynamic and systematic means to inquire organizational perceptions in regard to
digitalization, analytical capability, and FinTech adoption. Also, this is a popular design in studies surrounding technology
adoption and digital innovation for its capacity to measure both current organizational practices and levels of technological
readiness.

The eligible population involved the employees, managers, and specialists in financial institutions, banking organizations,
and related sectors of FinTech evolution. The reason for sampling these respondents is that they have actual knowledge about
digital technologies, financial innovation and organizational digitalization processes. Financial institutes were targeted
specifically since it is one of the most digitally transforming sectors, relying more and more on advanced technology services
and analytics systems as well as FinTech services to gain operational efficiency and enhance customer experience. Data were
obtained through a structured questionnaire shared electronically using online survey tools. Convenience sampling method
was adopted as it served a benefit of having access to the respondents who are familiar with digital transformation initiatives
and FinTech technologies. The questionnaire was designed utilizing previously validated measurement scales modified from
literature in the areas of Digital Transformation Capability, Data Analytics Capability and FinTech Adoption. The
questionnaire items were measured in a Likert type scale as 1 — strongly disagree, 2 — disagree, 3 — neutral, 4 — agree and 5
— strongly Agree. The questionnaire was assessed for content validity (i.e., clarity, relevance) by academic experts before
data collection.

The demographic analysis results showed that the respondents belonged to different professional and organizational
backgrounds in regards to the financial and digital banking sector which increases the reliability and representativeness of
findings (Mishra & Varshney, 2023; Bagozzi & Yi, 2012). The majority of respondents were male, but female participation
also accounted for a sizable portion of the sample, an interesting evolution at digitizing financial institutions as the sector
continues to expand gender diversity. With respect to respondents' age groups, most were in middle-age ranges, which
indicates that participants had adequate work experience and exposure to digital transformation efforts and FinTech systems.
Moreover, a sizable proportion of participants held bachelor’s and postgraduate degrees exemplifying a relatively high
educational attainment which adds weight to the credibility of their perceptions related to digital technologies and analytical
systems. At the professional experience level, results established that a majority of respondents has moderate to extensive
work-related exposure in financial and technological settings. Notably, those respondents already have some background
knowledge about organizational digital transformation processes, data analytics practices and FinTech adoption mechanisms.
Moreover, the respondents held different management and technical roles as well as positions in operations, indicating
multidimensional involvement of digital transformation and deployment of FinTech solutions inside banking organizations.
Incorporating a diverse pool of demographic characteristics contributes to the breadth and the applicability of the findings of
the study to various organizational and professional settings in finance.

5. Findings

The proposed conceptual model was analyzed using Partial Least Squares Structural Equation Modeling (PLS-SEM) through
SmartPLS software to test the research hypothesis (Qahmana, 2024). PLS-SEM was chosen as it is best used for predictive
and exploratory research models containing multiple latent variables mediating relationships. Furthermore, PLS-SEM is
touted in digital transformation and information systems studies as it handles complex models and is suitable for non-normal
data distributions. Data analysis began by defining an overall strategy followed by the stages for each part. First, in order to
assess respondents' perceptions of the study variables, descriptive statistical analysis was performed. Descriptive statistics
were performed by calculating means and standard deviations for assessing the overall agreement level towards Digital
Transformation Capability, Data Analytics Capability, and FinTech Adoption. The results of the descriptive studies showed
moderate to high levels of the organizational digital transformation, analytical capability, and FinTech adoption by the
participating institutions. Then the measurement model was assessed through indicator reliability, internal consistency
reliability and convergent validity. The factor loadings for all indicators were greater than the threshold recommended of
0.70; thus, indicating good indicator reliability. Additionally, the Cronbach's Alpha and Composite Reliability values ranged
from 0.893 to 0.936, higher than the acceptable level of 0.70 as well as further evidence for internal consistency reliability
(Table II). In addition, all AVE values were above the required threshold of 0.50 indicating that convergent validity is
achieved across constructs. Once the measurement model was determined to be adequate, the structural model was evaluated
to test the hypothesized relationships between study variables. Direct and indirect relationships were assessed based on
bootstrapping procedures for path coefficients, coefficient of determination (R?), and mediation effects. This analytical
manner allowed the examination to determine how Digital Transformation Capability affects Data Analytics Capability, how
Data Analytics Capability influences FinTech Adoption, and whether or not Data Analytics Capability mediates between
Digital Transformation Capability and FinTech Adoption. The results from SmartPLS for the assessment of the measurement
model are depicted in Figure (1) The assessment of the measurement model was performed to assess the reliability and
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validity of study constructs Digital Transformation Capability, Data Analytics Capability and FinTech Adoption. We
investigated both indicator reliability (outer loadings) and item adequacy (each measurement item corresponding to the latent
construct).
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Fig. 1. Measurement Model

Findings revealed that all measures delivered appropriate outer loadings greater than the threshold reference score of 0.70,
confirming indicator reliability and convergent validity. In this respect, outer loadings of Digital Transformation Capability
indicators had values between 0.717 to 0.799. These values affirm that all indicators are adequate for evaluating the construct
and indicate acceptable internal consistency between items related to both digital transformation practices and technological
capability. For Data Analytics Capability, indicators exhibited promising outer loadings ranging from 0.723 to 0.830. The
loading values are relatively high upon which we can say the measurement items are a good representation with respect to
our dimensions of analytical capability namely data processing, analytical infrastructure and decision-making process based
on data. Respondents also exhibited consistency in their beliefs about the analytic capabilities of their organizations. The
FinTech Adoption construct also demonstrated good measurement quality, with outer loadings from 0.729 to 0.804. These
results suggest that all the FinTech Adoption items reliably assess respondents’ beliefs about implementing and using digital
financial technologies. However, none of the indicators need to be deleted from the model as item loading does not fall below
minimum requirement of 0.70 (as seen in Table 2). Table (1) summarizes the results of reliability and convergent validity
measures for each of the constructs used in this study, Digital Transformation Capability, Data Analytics Capability and
FinTech Adoption. Internal consistency reliability and convergent validity for the proposed measurement model were
assessed with Cronbachs Alpha, Composite Reliability (rho_a and rho_c) and Average Variance Extracted (AVE).

Table 1
Reliability and Convergent Validity Results
Variables Cronbach's Composite reliability Composite reliability Average variance extracted
alpha (rho_a) (rho_c) (AVE)
Data Analytics Capability 0.839 0.848 0.886 0.609
Digital Transformation Capability 0.897 0.910 0916 0.578
FinTech Adoption 0.909 0.913 0.925 0.579

The results suggest that all constructs have met the acceptable internal-consistency reliability standards. In particular,
Cronbach's Alpha values ranged from 0.839 to 0.909 and were all greater than the level recommended of 0.70, The reliability
value was 0.897 for Digital Transformation Capability, and for Data Analytics Capability is 0.839 and also FinTech Adoption
is found to have highest Cronbach's Alphai.e., 0.909. The significant findings suggest that the measurement items for all the
constructs used in this research are consistent with one another and reliable. In a similar vein, all Composite Reliability values
(rho_a and rho_c) were greater than the 0.70 acceptable threshold, also affirming the reliability of the measurement model.
The Composite Reliability (rho_c) ranged between 0.886 and 0.925, indicating a high degree of internal consistency among
the indicators measuring each latent variable. Digital Transformation Capability got a Composite Reliability value of 0.916,
Data Analytics Capability have the value of 0.886 while FinTech Adoption achieved its highest with the value of 0.925 These
results show that the constructs are highly stable and reliable in measurement. For convergent validity, the Average Variance
Extracted (AVE) outputs of all constructs were exceptionally higher than the recommended minimum threshold of 0.50 set.
The Data Analytics Capability had an AVE score of 0.609, Digital Transformation Capability had a value of 0.578, and the
FinTech Adoption obtained an AVE value of 0.579. Whilst these analyzes show that the constructs explain more than 50%
of the variance of their indicators, which support sufficient convergent validity. Table (2) shows the discriminant validity test
between constructs of the study including Data Analytics Capability, Digital Transformation Capability and FinTech
Adoption. Discriminant validity was assessed by looking at the correlation values among constructs to confirm that each
construct is empirically different from one another in the conceptual model.
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Table 2
Discriminant Validity Results
Data Analytics Capability Digital Transformation Capability FinTech Adoption
Data Analytics Capability
Digital Transformation Capability 0.265
FinTech Adoption 0.333 0.304

The results were that relations of the underlying variables are rather moderate and therefore remained balanced under
threshold values for orientation (at R=0.85) indicated satisfactory discriminant validity. More specifically, Digital
Transformation Capability had a 0.265 correlation with Data Analytics Capability suggesting a strongly positive medium
relationship between the two constructs. This result implies that even though digital transformation capability facilitates the
improvement of analytical capability, yet both constructs remain statistically and conceptually different from each other.
High cohesion between FinTech Adoption and Data Analytics Capability has a positive linear relationship with value 0.333.
That implies analytical capability correlates moderately to FinTech adoption This research result suggests that organizations
whose undertakings possess a high degree of analytical capabilities are more likely to score high on FinTech adoption and
maintain construct validity. The relationship between FinTech Adoption and Digital Transformation Capability was also a
positive 0.304 indicating that the more capable an organization is to undergo digital transformation, this replicates with many
implementations of FinTech. Yet, the correlation value was still well below potentially problematic multicollinearity
thresholds that make use of these constructs implausible as they show discriminant validity. Table 3 provides the R? and
Adjusted R? values of the endogenous constructs in structural model Data Analytics Capability and FinTech Adoption. The
coefficient of determination depicts the amount of variance in the dependent construct that is explained by its predictor
variables in a research model.

Table 3
Coefficient of Determination (R2) Results
R-square R-square adjusted
Data Analytics Capability 0.059 0.056
FinTech Adoption 0.088 0.086

The results also reveal that Digital Transformation Capability explained 5.9% (R? = 0.059) of the variance in Data analytics
capability, and adjusted R2 was at 0.056. These results indicate that Digital Transformation Capability positively impacts the
explanation of organizations analytical capabilities. While this is a small effect, the result of being significant is important
because organizational analytical capability derives from many technology-oriented managerial and environmental aspects,
not just digital transformation. Likewise, the results showed that Data Analytics Capability explained 8.8% of variance for
FinTech Adoption (R2 = 0.088 and adjusted R2= 0.086). Implying that organizations that possess a more powerful analytical
capability are likely to be early adopters of digital financial technologies as well as FinTech solutions. The results also indicate
that an important organizational factor in FinTech adoption behavior is analytical capability, while other factors, such as
organizational readiness and structural compatibility, along with technological infrastructure, customer trust level or
information security problems of the system could impact on the adoption behaviors (Safa et al., 2020). The effect size results
(f2) for the relationships among study constructs including Digital Transformation Capability, Data Analytics Capability and
FinTech Adoption are shown in Table (4). The effect size analysis measured the individual contribution of each exogenous
construct to the explained variance of the endogenous constructs in the structural model.

Table 4
Effect Size (f2) Results
Data Analytics Capability Digital Transformation Capability FinTech Adoption
Data Analytics Capability 0.097
Digital Transformation Capability 0.062
FinTech Adoption

The data show that Digital Transformation Capability brought an effect size value of 0.062 to Data Analytics Capability. As
per the established conventions for interpreting {2 values, this would be considered a small effect size. Even though the effect
size is not high, this finding still provides sufficient evidence to confirm that Digital Transformation Capability has a positive
impact on organizational analytical capabilities. This indicates that organizations exhibiting better practices for utilizing
digital transformation tend to migrate their analytical infrastructures and data processing systems towards a more robust
structure and ultimately improving the way they make decisions based on data. Likewise, the effect size of Data Analytics
Capability on FinTech Adoption was 0.097 that also indicated a small effect size. Data Analytics Capability shows a positive
contribution to the FinTech Adoption explanation. The findings also indicate that analytical capability helps firms embrace
digitization in financial services through superior customer insight, operational efficiency and strategic decision-making
capabilities.
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6. Structural Model Results
The results of the structural model using SmartPLS are shown by Fig. 2 (Gaskin et al., 2025). The figure summarizes the

relationships between study constructs, DTC and DAC, FinTech Adoption in addition to the significance of the path
coefficients and explanatory power of the endogenous constructs.
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Fig. 2. Structural Model Results

The structural model findings showed that Digital Transformation Capability has positive influences on Data Analytics
Capability, with Beta value of (B = 0.242) and p-Values are less than 0,005. This fact implies that firms with greater digital
transformation capabilities are more inclined to implement sophisticated analytical systems, and data-driven decision
processes (Byrne, 2016). This result is consistent with the hypothesis that digital transformation initiatives can be an enabler
of analytical capability for financial institutions by establishing the IT and organizational foundations needed to enhance
analytics capabilities. In addition, the results show that Data Analytics Capability has a positive direct effect on FinTech
Adoption with path coefficient § = 0.297 and significance level in p = 0.000 This indicates that organizations with stronger
analytical capabilities could be in a better position to transform and adopt digital financial technologies as core operating
models. Research on organizations has illustrated that they can leverage advanced analytical infrastructures to enhance
customer intelligence, improve financial operations and digitally enabled service innovation through the impetus of FinTech.
The figure also provides the figures associated with the explanatory power of these endogenous constructs as represented in
the inner model by means of values reported in the latent variables. Result: Data Analytics Capability generated an
explanatory value of 0.609, FinTech Adoption found the value of overall explanatory to be 0.579. These results show that
the constructs have a good degree of explained variance and predictive relevance in the structural model. Complementary to
the structural relationships, all measurement items assigned to different constructs showed statistically significant outer
loadings (p-value = 0.000). Factor loadings for Digital Transformation Capability were greater than 0.717 and those for Data
Analytics Capability ranged from 0.723 to 0.830. Again, the FinTech Adoption indicators 0.729 to 0.804. The results affirm
high indicator reliability and acceptable convergent validity of all constructs, as all loadings were above the level of 0.70 (p
<0.001).

6.1 Hypothesis Testing Results

The results of structural path analysis and hypothesis testing derived from the bootstrapping procedure in SmartPLS are
shown in Table 5 (Hair et al., 2025). The relationships between Digital Transformation Capability and Data Analytics
Capability, Digital Transformation Capability and FinTech Adoption, as well as between Data Analytics Capability and
FinTech Adoption are analyzed through path coefficients, t-statistics, and p-values.

Table 5
Hypothesis Testing Results
Path Original Sample Standard deviation T statistics P values
sample (O) mean (M) (STDEV) (JO/STDEV|)
Data Analytics Capability — FinTech Adoption 0.297 0.304 0.044 6.693 0.000
Digita! Transfomation Capability — Data Analytics 0.242 0252 0.044 5549 0.000
Capability
Digital Transformation Capability — FinTech Adoption 0.072 0.077 0.019 3.740 0.000

Data Analytics Capability presents a positive statistically significant impact on FinTech Adoption (f =0.297, t =6.693, p =
0.000). This result suggests a greater likelihood of successful adoption and implementation of digital financial technologies
among those organizations with stronger analytical capabilities. The findings indicate that both analytical systems and data-
driven decision-making processes increase organizational capabilities to facilitate digital financial innovation and the
effectiveness of FinTech implementation. Therefore, H2 was supported. Likewise, the results showed a positive and
significant impact of Digital Transformation Capability on Data Analytics Capability (=0.242, t=5.549, p=0.000). This
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outcome suggests that, in organizations with more mature digital transformation infrastructure and integration capabilities
for technology, analytical systems and data processing methodologies appear to be increasingly sophisticated. The result
corroborates the view that implementing digital transformation makes it easier to improve organizational analytical
capabilities. Consequently, H1 was supported. Moreover, the analysis revealed that Digital Transformation Capability exerts
a positive and direct impact on FinTech Adoption ( = 0.072, t = 3.740, p = 0.000). Despite a small to moderate effect size,
this result indicates that digital transformation positively influences the adoption and use of digital financial technologies in
organizations directly. It implies that higher digital transformation practices will be positively associated with greater FinTech
adoption as a result of improved technical rectifiers, equipment factors, and enhanced digital integration.

7. Discussion

Results of this paper contribute an important substantive empirical knowledge regarding the relationships between Digital
Transformation Capability, Data Analytics Capability and FinTech Adoption in digitally transforming financial institutions.
These findings are consistent with the proposed conceptual model and emphasize the role of organizational digital capabilities
in enabling analytical preparation and financial technology usage. The first underlined part relates to Digital Transformation
Capability positively and significantly affects the Data Analytics Capability (§ = 0.242, t =5.549, p = 0.000), thus supporting
H1. This means that firms with better foundations of digital transformation and technology-integration capacities will be
better strategy designers, more sophisticated data scientists, and stronger data-driven decision-makers. This implies that
implementations associated with digital transformation significantly drive organizational analytical maturity resources
(digital infrastructures, cloud systems, artificial intelligence applications, data management platforms), which in turn help
them integrate operational capabilities. This finding is consistent with the arguments of Mikalef et al. (2021), stressing that
digital transformation strengthens leveraging behaviors of organizations to exploit data resources and develop high intelligent
analytical capabilities through technological and managerial integration. Along these lines, Hassani and Marentes (2024)
contended that digital transformation initiatives provide a technological base for organizations to process and analyze vast
quantities of digital information. And the present findings are also consistent with Dynamic Capability Theory that
organizations which have substantial digital capabilities are able to redeploy resources and adapt complementary
organizational capabilities such as analytical competence. From a practical perspective, the finding suggests that capital
markets daily rely on new evolving digital transformation processes to achieve better analytical infrastructure and enable
data-driven decision making, Enterprises going through a process of digital transformation usually invest in the areas that fit
digital platforms, automation technologies and integrated information systems that produce huge amounts of organizational
data. As a result, these organizations become proficient at leveraging analytical tools to enhance operational efficiency,
customer intelligence, and financial innovation. Thus, this strong association between digital transformation capability and
data analytics capability shows the increasing strategic interdependency of digitalization and organizational analytics in
contemporary financial ecosystems.

The analysis also provides evidence that Data Analytics Capability positively and significantly impacts FinTech Adoption (8
=0.297, t = 6.693 p = 0.000), therefore supporting H2. They find that organizations with better analytical capabilities are
more likely to successfully adopt and use FinTech technologies. The outcome portrays analytical systems to generate better
customer analysis, optimized financial services, improved fraud detections mechanisms and predictive financial decisions
aligned with the organization's goals. As a result, organizations that have established high analytic infrastructures seem to be
more prepared for the integration of digital financial technologies into their business processes. This result is consistent with
prior research highlighting the strategic significance of analytics in financial innovation and the adoption of digital
technologies. Ferraris et al. (2020) claimed that the ability of using data analytically may give firms a competitive advantage
towards innovation and responsiveness of technology capability in turning these digital data to strategic insights. Similarly,
Aziz et al. (2023) discovered that with large analytical skills, organizations have high performance and adaptability in
technology for banking environments. The present result is consistent with the earlier findings from Song et al. (2025) further
argued that analytical capability enhances organizational readiness for digital entrepreneurship and innovation, which enables
organizations to adopt emergent technologies like FinTech systems. Furthermore, with the growing reliance of FinTech
services on smart analytical systems, the important correlation between Data Analytics Capability and FinTech Adoption can
be further justified. As we know, modern FinTech platforms predominantly utilize predictive analytics, machine learning
algorithms, AI applications and real-time customer data processing. Consequently, organizations with inadequate analytical
capacity may not benefit as much from the adoption of FinTech technologies with respect to technological readiness, data
usage, and digital decision-making competence. As such, the results support that analytical capability is an important
organizational readiness factor for successful FinTech adoption based on digital transformation in financial institutions. For
H3, the results supported that Data Analytics Capability mediates the relationship between Digital Transformation Capability
and FinTech Adoption. There was also a significant direct positive effect of Digital Transformation Capability on FinTech
Adoption (B = 0.072, t = 3.740, p = 0.000), but the indirect effect through Data Analytics Capability was also significant, so
this mediating effect could explain it. This result highlights that those digital transformation initiatives driving FinTech
adoption not only impact firms directly through their technology modernization path but also indirectly as they amplify the
firm-level analytical capability.
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This result is theoretically significant since it indicates that the influence of digital transformation on FinTech adoption is
mediated by organizational analytical systems. Put simply, digitization by itself does not guarantee the successful adoption
of FinTech, unless an organization has enough capability to create business insight from digital information. This supports
the arguments put forward by Ciampi et al. (2021). The findings indicate that analytical capability acts as a middleware
whereby the relationship between digital transformation and for innovation outcomes and competitive advantage is mediated
through it. Similarly, Orero-Blat et al. (2025) showed that more finely grained exploration—exploitation pursuits enabled by
analytical capability mediate the digitalization/firm performance relationship. The mediation effect observed in the current
study may also be interpreted through either a Dynamic Capability Theory and RBV lenses. Digital transformation
strengthens the capability of increasing organization technological readiness and integrating resources in terms of those
digital resources, while Data Analytics Capability as operationalization of those digital resources by turning them into actual
financial innovation and FinTech implementation. Hence, Data Analytics Capability is a transformational mechanism that
transforms digital infrastructures and technology investments into real financial innovation outcomes. From a managerial
perspective, the mediation finding indicates that purely investing more in digital transformation without developing
organizational analytical capabilities would not yield optimal results. Simply investing in digital technologies may yield only
limited results, especially if organizations fail to establish a sufficiently robust and scalable analytical system that enables
them to make sound financial decisions and focus on customer-centric digital innovation. Adopting financial technologies
will be more successful when implemented in conjunction with digital transformation initiatives and the development of
analytical capabilities.

8. Conclusion

The study investigated Digital Transformation Capability, Data Analytics Capability and FinTech Adoption in the context
of financial institutions operating around digitalized environments. More specifically, the research examines how Digital
Transformation Capability directly affect Data Analytics Capability; secondly, the impact of Data Analytics Capability on
FinTech Adoption and lastly, it points to the connection between data analytics capability as a mediator to elaborate how
digital transformation contributes towards entrepreneurship adoption. Using Dynamic Capability Theory (DCT) and the
literature on digital innovation, it developed a conceptual framework of organizational mechanisms that explain forms of
enterprises in their transformation to become digitally-enabled actors involved in digital finance with empirical evidence.
The results of the study revealed that Digital Transformation Capability has a positive and significant effect on Data Analytics
Capability. This result indicates that those organizations with better digital equipment, operational creativity, and ability for
developing data integration are able to develop more complex analytical systems and make decisions based on data. The
results also reveal that initiatives in digital transformation represent the infrastructure (technological and organizational) for
increasing analytical maturity in financial institutions.

The findings further showed that Data Analytics Capability has a positive effect on FinTech Adoption. This finding is
consistent with the view that organizations with a stronger analytical capability are more likely to implement digital financial
technologies successfully. Companies can use analytics to gain better customer intelligence, build financial services practices,
support predictive decision making, and drive digital innovation readiness. Thus, Data Analytics Capability can appear as a
critical organizational capability facilitating the effective implementation of FinTech services and technologies. In addition,
it was confirmed that Data Analytics Capability mediates the relationship between Digital Transformation Capability and
FinTech Adoption in this study. Results show that digital transformation drives FinTech adoption not only directly through
technological renewal but also indirectly through the configuration of business analytics capability. Such outcome points to
the strategic nature of analytical systems as a transformative tool by virtue of which digital infrastructures and technological
investments are translated into real financial innovation outcomes.

The main contribution to the theory is in terms of advancing the literature on digital transformation and financial technology
adoption, as this study provides an empirical framework that combines Digital Transformation Capability, Data Analytics
Capability and FinTech Adoption. The results contribute to Dynamic Capability Theory by showing that analytical capability
is a complementary organizational capability integrating digital transformation within organizations with respect to digital
financial innovation. Furthermore, this study adds to the FinTech literature by underlining the importance of firm analytical
readiness for financial institutions to adopt technology. In practical terms, the findings have significant implications for
managers and decision-makers in the banking and financial sectors. While financial institutions are rightly keen to invest in
technology and build digital infrastructure, this should be accompanied by a similar focus on enhancing analytical
capabilities. If any institution is to successfully implement fintech, it must invest more broadly in analytics systems and
artificial intelligence technologies, in its corporate culture, and in equipping employees with fundamental analytical
knowledge. Furthermore, managers should recognize that digital transformation and developing analytical capabilities are
not separate processes, but rather complementary strategic processes that together contribute to improved innovation across
the company and enhanced digital competitiveness. However, despite the valuable contributions of this study, there are some
limitations to consider. Finally, the cross-sectional nature of this study restricts examinations of causal relationships over
time. Second, this study relied exclusively on financial institutions and its recommendations may not extend to other sectors.
Third, this model does not contain some other contextual organizational and environmental factors such as cybersecurity
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readiness, digital trust, organizational culture and regulatory support. Hence, the future studies should explore much more
mediator and moderator variables that can affect in-between the relationship of digital transformation and adoption of
FinTech. Longitudinal studies may shed even more light on the continuance of digital transformation and analytics capability
changes over time. Moreover, in future research, we can make comparisons on digital transformation practices across
industries and countries that will help build cumulative knowledge about the organizational processes of digitalization and
financial innovation. The study concludes that Digital Transformation Capability and Data Analytics Capability can
positively contribute towards FinTech Adoption in modern financial institutions. Their findings underscore that firms aiming
to achieve lasting digital competition need to build aligned technology and analytics capabilities with the capacity for ongoing
innovation and finance transformation in order.
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